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.‘ Study 1: private vehicle use related emission patterns y UTok

Based on the emissions from private vehicle travel and the characteristics of the city, the cities are divided
into five categories, and targeted suggestions for emission reduction are proposed.

City Clusters Cities included ok
LTCS Saitama, Chiba, Tokyo, Yokohama, Nagoya, Sappor_g.'
Osaka, Kobe, Wakayama, Fukuoka, Kumamoto, it
Low-Emission Transit- Naha, Kawasaki, Sakai, Kitakyushu P

Oriented Cities

Shizuoka, Kochi, Saga, Nagasaki, Miyazaki,
Kagoshima, Hamamatsu

_ Aomori, Akita, Yamakata, Fukushima, Mito,
M ETCS Maebashi, Kanazawa, Fukui, Kofu, Gifu, Otsu,
Kyoto, Nara, Matsue, Tokushima, Takamatsu,

Moderate Emissio .
ot Matsuyama, Oita

Transit-Deficient Cities

HECTCS Sapporo, Morioka, Sendai, Utsunomiya, Niigata,
Toyama, Nagano, Tsu, Tottori, Okayama,
High-Emission Hiroshima, Yamakuchi

Complex Terrain Cities




Study 2: research on public transportation

Study on the Attractiveness of Stations along the Odakyu Railway Line
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Study 2: research on public transportation

Step 1: POI data preprocessing Step 2: Linking POls with Step 3: Attractiveness evaluation
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Study 2: research on public transportation

There is no simple proportional
relationship between a station’s
average daily ridership (i.e., its size)
and its overall attractiveness.

Adjacent stations tend to form
clusters of attractiveness, where
POls around neighboring stations
are more likely to be jointly shared by
passengers.

We identify the ten most attractive
stations along the Odakyu Line
based on a composite index of
accessibility and diversity, and
evaluate station attractiveness from
two perspectives: age-specific
groups and broader demographic
segments.
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Figure: The Attraction and Scale of 74 Stations on the Odakyu Railway
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Figure: Attractiveness Evaluation Based on Age Groups
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.‘ Study 3: analysis of the penetration rate of new energy vehicles

By combining information on Japanese household purchases of new energy vehicles (NEVs), travel
demand, and household characteristics, we analyze the heterogeneity in NEV adoption.

* The penetration of NEVs in Japan remains very low,
accounting for only 1.4% of households in our survey
sample.

« Under current policy conditions, households that
purchase NEVs are typically affluent car-owning
households. At the same time, they tend to have
longer travel distances, higher travel frequency, and
larger travel-related carbon footprints.
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Figure. Differences in car use-related emissions between
NEV adopters and non-adopters across household groups.
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Study 3: analysis of the penetration rate of new energy vehicles
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.‘ Study 4: Road-specific EV charging insufficiency analysis

O Charging infrastructure within the non-urban areas lags behind central urban clusters
O Rapid chargers account for only 23.05% of the total, which is less than half of the proportion of slow chargers.

a Spatial distribution of chargers
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Study 4: Road-specific EV charging insufficiency analysis
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: Road-specific EV charging insufficiency analysis

Variation of city-specific
RH-ERCN

Variation of city-specific CISI under RH-ERCN
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